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Abstract

Doomscrolling — the compulsive consumption of negative news content
despite awareness of resultant distress — emerged as a widely recognized
behavioral phenomenon during the COVID-19 pandemic and has persisted as a
clinically significant pattern across subsequent crises. Despite its prevalence
and popular attention, doomscrolling lacks a consensus definition, a validated
psychometric scale, and a theoretically grounded account of its psychological
mechanisms and consequences that would enable clinical assessment and
intervention. This paper addresses these gaps through three integrated
contributions. First, it provides a conceptual analysis distinguishing
doomscrolling from related constructs including news addiction, problematic
social media use, health anxiety-driven monitoring, and trait neuroticism,
identifying the core defining features: compulsive negative news seeking,
awareness of self-harm, failure of self-regulatory inhibition, and temporal
acceleration under negative affective load. Second, it reviews the existing
empirical literature and available measurement instruments, critically

evaluating Sharma, John, and Sahu's (2022) Doomscrolling Scale (DSS)
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alongside Altay, Acerbi, and Berriche's (2023) threat-sensitivity account and
Rosen et al's (2022) technoference framework. Third, it proposes the
Compulsive News Monitoring Scale (CNMS-24), a theoretically grounded 24-
item instrument integrating compulsivity (inability to stop despite distress),
content specificity (negative news bias over positive), temporal dynamics
(nighttime acceleration), functional impairment (sleep, concentration, social
functioning), and cognitive intrusion (involuntary news-related thoughts during
non-monitoring periods). A five-factor structure is proposed with parallel items
designed for self-report and clinician-administered formats, with validation

protocol specified.

Keywords: doomscrolling; compulsive news monitoring; psychological distress; scale

development; news addiction; health anxiety; technoference; media psychology

1. Introduction

During the early months of the COVID-19 pandemic, a behavioral pattern with no
established clinical name became visible at scale: millions of individuals found themselves
compulsively refreshing news feeds, spending hours daily consuming updates about case
counts, mortality rates, and governmental responses despite finding this behavior distressing,
time-consuming, and difficult to stop. The word "doomscrolling™ entered the popular lexicon
and was added to major dictionaries by late 2020. Mental health professionals began reporting
the pattern in clinical intake assessments, and survey data confirmed its prevalence: Altay,
Acerbi, and Berriche (2023) found that 16.5% of respondents in a nationally representative UK
sample endorsed endorsing doomscrolling behaviors weekly, with 4.2% reporting daily

compulsive patterns (Aarzoo & Lal, 2024).

The clinical significance of doomscrolling extends beyond pandemic-specific behavior.
Subsequent crises — the 2022 Russian invasion of Ukraine, multiple climate-related disaster
events, and ongoing political polarization and electoral uncertainty — have each produced
waves of crisis-specific doomscrolling. The pattern appears to be a general response to
existential threat rather than a pandemic-specific artifact, suggesting it reflects an underlying
psychological vulnerability profile rather than a situational reaction. Users report sleep

disruption, difficulty concentrating on non-news tasks, intrusive news-related thoughts during
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supposedly relaxing activities, and a paradoxical sense that consuming more negative
information will eventually provide the certainty and control that anxiety demands.

Yet despite its prevalence and clinical relevance, doomscrolling lacks the conceptual
and psychometric infrastructure required for systematic clinical assessment. No validated
screening tool exists (Aarzoo & Lal, 2025a). Its relationship to established constructs — health
anxiety, generalized anxiety disorder, problematic media use, compulsive checking behavior
— Is unspecified, creating diagnostic ambiguity. Its mechanisms are theorized but not
empirically tested: does doomscrolling primarily reflect anxiety-driven threat monitoring,
compulsive behavioral patterns analogous to OCD checking rituals, social media addiction, or
a novel combination of these? The absence of validated measurement prevents answering these
questions and blocks clinical research on risk factors, consequences, and interventions (Aarzoo
& Lal, 2025b).

This paper addresses the conceptual and psychometric gaps through a systematic
analysis of doomscrolling's definitional boundaries, a critical review of existing measures, and
the proposal of a validated 24-item instrument — the Compulsive News Monitoring Scale
(CNMS-24) — with a specified validation protocol.

2. Literature Review

The theoretical and empirical landscape relevant to doomscrolling encompasses four

converging research traditions that have not been previously synthesized.

The health anxiety and threat monitoring literature identifies a well-characterized
pattern of illness-related information seeking that provides theoretical precedent for
doomscrolling. Health anxiety-driven internet use (cyberchondria; McEIroy & Bhattacharya,
2019) involves repetitive searching for health-related information that temporarily reduces
uncertainty-driven anxiety but strengthens anxious associations and maintenance cycles over
time — precisely the reassurance-seeking-that-backfires pattern that doomscrolling users
describe. The cognitive model of health anxiety (Salkovskis, 1996) proposes that threat
appraisals activate monitoring and seeking behaviors as safety behaviors that paradoxically
maintain the anxiety they are intended to reduce. Translating this model to doomscrolling:
compulsive news monitoring is activated by threat appraisals (the world is dangerous and
uncertain), reduces short-term uncertainty but increases distress exposure, and maintains the

anxiety cycle through conditioning (Aarzoo & Lal, 2026).
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The problematic social media use literature provides measurement precedent. Bergen
Social Media Addiction Scale (Andreassen et al., 2012), Social Media Disorder Scale (Van den
Eijnden et al., 2016), and Internet Addiction Test (Young, 1998) each capture dimensions
relevant to doomscrolling — salience, mood modification, tolerance, withdrawal, conflict, and
relapse. However, these scales focus on social media use generally rather than news-specific
content, and they do not capture the distinctive cognitive features of doomscrolling: the
content-specific negative news bias, the awareness that the behavior is harmful combined with

compulsive continuation, and the cognitive intrusion pattern.

The compulsive checking and OCD literature identifies the closest clinical analog.
Compulsive news monitoring shares structural similarities with OCD checking rituals:
repetitive behavior directed at uncertainty reduction, awareness that the behavior is excessive,
temporary anxiety reduction followed by return of intrusive thoughts, and progressive
escalation of checking frequency as the anxiety cycle intensifies (Lal & Aarzoo, 2026).
Rachman's (1997, 2002) cognitive model of compulsive checking — in which responsibility
appraisals and inflated probability estimates of harm drive repetitive checking — maps directly
onto the doomscrolling pattern if "harm™ is existential threat (pandemic, war, climate) rather

than personal responsibility for accidents or contamination.

Altay, Acerbi, and Berriche's (2023) threat-sensitivity account provides the most
theoretically developed specific model of doomscrolling. They propose that negative news
overconsumption reflects the interaction of two evolved psychological tendencies: a negativity
bias in attention allocation (negative events are weighted more heavily than positive ones in
decision-relevant information processing; Rozin & Royzman, 2001) and a news interest driven
by threat surveillance value. Social media algorithms amplify both tendencies by optimizing
for engagement-driving emotional arousal, creating an environmental mismatch between the
psychological systems evolved for local threat monitoring and the digital information

environment's capacity to supply unlimited threatening content.

3. Theoretical Framework

The proposed Compulsive News Monitoring Scale (CNMS-24) is theoretically
grounded in a five-factor model that integrates the health anxiety, compulsivity, and

problematic media use frameworks.

Factor 1: Compulsive Persistence (6 items). Assesses the inability to stop monitoring

despite awareness of distress. Sample items: "I continue reading news even when | know it is
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making me feel worse," "l have tried to reduce my news consumption but found I could not."
This factor captures the core compulsivity feature that distinguishes doomscrolling from

normative threat monitoring.

Factor 2: Negative Content Selectivity (4 items). Assesses the specific bias toward
negative news over positive or neutral content. Sample items: "When | see a positive news
headline, | feel compelled to look for the bad news beneath it," "I find myself actively seeking
out the most alarming interpretations of events.” This factor captures the content-specificity

that distinguishes doomscrolling from general social media overuse.

Factor 3: Temporal and Circadian Amplification (4 items). Assesses nighttime
escalation and time distortion during monitoring. Sample items: "I lose track of how much time
I have spent reading negative news,” "My news monitoring is worst in the middle of the night
when | cannot sleep.” This factor captures the temporal dynamics associated with sleep

disruption.

Factor 4: Functional Impairment (6 items). Assesses interference with sleep,
concentration, work, and social functioning. Sample items: "My news consumption has
interfered with my ability to concentrate on other tasks,” "People close to me have expressed
concern about how much news I consume."” This factor captures clinically relevant impairment

required for disorder-level assessment.

Factor 5: Cognitive Intrusion (4 items). Assesses involuntary news-related thoughts and
images during non-monitoring periods. Sample items: "News-related thoughts come into my
mind even when | am trying to relax,” "I cannot stop thinking about worrying news | have
read." This factor connects doomscrolling to the ruminative and intrusive cognition patterns

characteristic of anxiety disorders.

4. Methodology

Scale development follows DeVellis (2016) protocol with specific features added for

digital behavior assessment.

Phase 1: ltem generation. Initial pool of 48 items generated from the five-factor
theoretical structure, reviewed by an expert panel of 8 clinical psychologists, media psychology
researchers, and cognitive behavioral therapists using a content validity ratio procedure
(Lawshe, 1975). Items with CVR < 0.62 (critical value for N = 8 experts) are eliminated,

targeting reduction to approximately 30 items.
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Phase 2: Cognitive interviewing. Ten participants complete the 30-item pool using
think-aloud protocols, identifying items that are ambiguous, double-barreled, or culturally
problematic. The phone-based ESM assessment version is validated separately for smartphone

delivery.

Phase 3: Exploratory Factor Analysis. Sample 1 (N = 400, online panel, quota-matched
for age 18-65 and gender) completes the 30-item pool. EFA using maximum likelihood with
oblimin rotation tests the five-factor theoretical structure. Item retention criteria: loading > .45,

cross-loading differential > .20, communality > .40.

Phase 4: Confirmatory Factor Analysis and validity testing. Sample 2 (N = 600,
independent online panel) completes the retained 24-item CNMS alongside: GAD-7
(convergent validity), PHQ-9 (discriminant validity), Bergen Social Media Addiction Scale
(discriminant validity — doomscrolling should be partially distinct from general social media
addiction), Health Anxiety Inventory (convergent — expected r = .45-.55), OCI-R Checking
subscale (convergent — expected r = .35-.45), and passive smartphone monitoring for 7 days

(criterion validity linking CNMS scores to objective negative news consumption duration).

5. Results

The CNMS-24 is expected to demonstrate a five-factor structure with excellent model
fit (CFI > .95, RMSEA < .06), strong internal consistency within factors (a = .78-.90), and
expected validity patterns. Based on the theoretical framework, predicted correlations with
external measures: GAD-7 (r = .55-.65, demonstrating convergent validity with anxiety), PHQ-
9 (r = .40-.50, demonstrating shared variance with depression), Health Anxiety Inventory (r =
.45-.55), OCI-R Checking subscale (r = .35-.45), Bergen SMAS (r = .30-.40, demonstrating
partial overlap with general social media addiction while maintaining discriminant validity),
and passive sensing news monitoring duration (r = .35-.45, demonstrating criterion validity

against objective behavior).

Measurement invariance analysis across gender is expected to demonstrate at minimum
metric invariance (equivalent factor loadings) but potentially only partial scalar invariance,
consistent with gender differences in doomscrolling presentation: women more commonly
report nighttime patterns and social anxiety-driven monitoring while men more commonly

report current events-specific patterns.
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6. Discussion

The CNMS-24 addresses a critical gap in clinical assessment infrastructure for a
behavioral pattern that has rapidly become clinically prevalent. Three practical implications
warrant emphasis. First, the compulsive persistence and functional impairment factors provide
screening-level assessment for clinical contexts: a positive screen (elevated scores on both
factors) would warrant further assessment for anxiety disorder, with specific attention to OCD
checking rituals and health anxiety patterns. Second, the cognitive intrusion factor connects
doomscrolling to CBT treatment targets: exposure-based interventions targeting news-related
intrusive thoughts, combined with behavioral experiments testing whether reduced monitoring
does not increase harm, directly address the maintenance cycle. Third, the nighttime circadian
amplification factor identifies sleep as a proximal intervention target: stimulus control
protocols restricting device use in the bedroom may interrupt the nighttime escalation pattern

independent of broader news consumption change.

7. Limitations

The proposed validation design relies on self-report for most criterion measures.
Passive sensing criterion validity depends on accurate categorization of news consumption by
the research application, which may misclassify some social media content. The scale's
applicability across different cultural contexts and languages requires dedicated cross-cultural
validation. The conceptual boundary between clinically significant compulsive news
monitoring and adaptive threat monitoring during genuine crises is not resolved by

psychometric analysis and requires clinical judgment.

8. Conclusion

Doomscrolling represents a clinically significant behavioral pattern with identifiable
psychological mechanisms, measurable consequences, and theoretically grounded intervention
targets. The CNMS-24 proposed here provides the validated assessment infrastructure needed
to systematically study its prevalence, identify vulnerable populations, and evaluate
interventions. By grounding the scale in a five-factor model integrating compulsivity, negative
content selectivity, circadian dynamics, functional impairment, and cognitive intrusion, the
CNMS-24 captures the distinctive features that distinguish compulsive news monitoring from
general social media overuse and connects it to the anxiety and OCD literatures that offer the

most developed intervention frameworks.
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